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Abstract

Introduction: In recent years, significant advancements have been made in the
field of breast imaging. The present study provides an overview of keywords and
the participation trends of various countries in the field through scientometric
analysis. Moreover, research funding from institutions in the field of breast
imaging, as an important factor contributing to scientific progress, is also
examined.

Methods: Relevant articles were extracted from the Web of Science database,
and their data were analyzed using Python scripts to evaluate keyword trends
and research support.

Results: The results indicated that research on breast imaging primarily focuses
on the keywords “breast cancer” and “mammography,” while the use of “deep
learning” has grown substantially since 2014. The National Institutes of Health
(NIH) is at the forefront of funding these studies, and other organizations, such
as the National Natural Science Foundation of China and the National Cancer
Institute, also play significant roles. Other entities, including the World Health
Organization and the Japan Cancer Research Institute, have also provided
notable support.

Conclusion: Funding trends show that support from the NIH peaked in 2014,
whereas the National Cancer Institute and the National Science Foundation
exhibited varying patterns of funding. Internationally, the National Natural
Science Foundation of China has significantly increased its support by 2022, and
organizations such as the Korea National Research Foundation have taken a
more active role. This reflects a growing global effort in breast imaging research.
In recent years, the use of “deep learning” has risen significantly, underscoring
an increasing interest in artificial intelligence and deep learning for breast
imaging analysis.
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Introduction

The present study, using scientometric
methods, examines four decades of scientific
production in the field of breast imaging and
provides a comprehensive analysis of
keywords, research trends, and scientific
support. This research indicates that breast
imaging, as a key area in the diagnosis and
monitoring of breast cancer, has experienced

significant growth in scientific output.
Particularly in Iran, studies show that
international ~ collaborations ~ with  other

countries, such as the United States and Canada,
have increased, and concepts such as apoptosis
and polymorphism have been the most frequent
in the literature (1, 2). However, challenges,
such as fluctuations in annual participation and
financial limitations, still persist. Universities
of Medical Sciences in Tehran and Shiraz have
been identified as the main centers of scientific
production in this field (3, 4).

In recent years, artificial intelligence (Al) has
played a significant role in improving the
accuracy and efficiency of breast imaging.
Studies demonstrate that the use of Al in
mammography and breast ultrasound can
increase cancer detection rates and reduce false
positives (14, 15). Deep learning algorithms and
convolutional neural networks have contributed
to the improvement of automated breast cancer
diagnosis (5, 6). However, clinical validation of
these technologies still requires further
research.

Ghalambaz (7), in a recent study that included
12,462 articles from the Web of Science
database, analyzed and examined the progress
of research in the field of breast imaging. In
Ghalambaz’s study (7), the countries,
institutions, and articles with the most
significant impact in the field of breast imaging
were identified, and subsequently, the patterns
of collaboration between countries and
institutions were investigated. The findings
indicated that the University of Pennsylvania,
with 235 scientific documents, was a leader in
this field, and journals in medical physics and
radiology had the highest number of
publications in this area. Over time, the number
of articles in this field has seen remarkable
growth, increasing from two articles in 1980 to
967 articles in 2022. Additionally, international
scientific collaborations, particularly in the
United States, have played a crucial role in the
expansion of this research. The present study
builds on Ghalambaz’s (7) work by examining
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keywords, trends in scientific production, and
the trajectory of research support in the field of
breast imaging.

Methods

Ghalambaz (7) conducted a detailed search in
the Web of Science database for a scientometric
study on breast imaging. The search query,
designed to include a wide range of related
keywords, identified 12,637  relevant
documents. The data was published openly in
Mendeley
(https://doi.org/10.17632/msk8npw99x.1) and
analyzed using Python. Further statistical
details on authors, article types, temporal
distribution, countries, and subject areas are
available in the open research (7). The same
dataset and Python code were used to analyze
keywords and funding supports.

In this study, a detailed analysis of the extracted
funding information was conducted. Supporting
institutions were identified and categorized
using word-processing techniques. An initial
dictionary of funding institutions was then
created. Variations in the naming of some
institutions were observed. For example, the
National Natural Science Foundation of China
(NSFC) appeared in various forms, such as the
National Science Foundation of China and the
NSFC. Therefore, multiple names of a single
institution were merged into one unified name.
Since a single research project may be
supported by multiple institutions, the number
of supported records can exceed the total
number of records examined.

Results and discussions

Breast cancer is the most prominent keyword in
breast imaging research, representing 27.7% of
total publications with 2,992 articles and 48,603
citations. This dominance underscores the
critical role of breast imaging in identifying,
diagnosing, and monitoring breast cancer.
Techniques such as mammography, ultrasound,
and advanced imaging methods enable early
detection of abnormalities, facilitating timely
intervention and improved patient outcomes.
Mammography, the second most common
keyword, accounts for 10% of publications and
is vital for breast cancer screening, particularly
in detecting early-stage  abnormalities.
Ultrasound, another key term, is widely used for
real-time imaging and differentiating between
cysts and solid masses, especially in individuals
with dense breast tissue.
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Deep learning has emerged as a crucial area in
breast imaging research, with 481 articles and
6,978 citations, highlighting its growing
importance. Artificial intelligence algorithms,
particularly those based on deep learning, are
being developed to enhance the accuracy and
efficiency of breast cancer detection and
diagnosis. These technologies minimize human
error and support clinical decision-making,
demonstrating their potential to transform
breast imaging practices. Additionally,
interdisciplinary research on breast imaging
continues to expand, as evidenced by the broad
coverage of terms, such as “breast” and “breast
imaging”, which encompass various techniques
and applications.

The analysis of keyword distribution across
eight countries highlights significant trends in
breast imaging research. The United States
dominates in frequencies for terms, such as
"breast cancer,” "mammography," "breast
imaging," and "magnetic resonance imaging,"
with China and South Korea often following
closely. Terms such as "deep learning" and
"ultrasound" are also highly prevalent in the
United States and China, while other countries,
such as India, the UK, Germany, Italy, and
Canada, show lower or  moderate
representation. South Korea and Germany
occasionally appear in subsequent rankings;
however, their overall presence is less
pronounced compared to the United States and
China.

The UK and Canada exhibit similar patterns,
with balanced representation across keywords
such as "breast cancer" and "mammography,"
though they do not lead in most categories.
Similarly, Germany and Italy demonstrate
comparable trends, particularly in terms such as
"mammography," "breast,” and "ultrasound,"
maintaining  moderate  but  consistent
representation across various keywords.
Significant global support has driven
advancements in breast imaging research,
particularly among leading countries. The
United States has demonstrated a strong
commitment by supporting 1,825 research
studies, emphasizing innovation in breast
cancer diagnosis and treatment. Similarly,
China has invested heavily in 1,248 projects,
reflecting its strategic focus on early diagnosis
and management of breast diseases. The United
Kingdom has contributed to 382 projects,

prioritizing the accuracy and efficiency of
breast cancer diagnostics. These efforts
highlight the critical role of breast imaging
technologies in improving patient outcomes and
advancing healthcare solutions.

Canada and South Korea have also made
substantial contributions, supporting 299 and
279 projects, respectively, with a focus on
enhancing early diagnostic methods and
integrating advanced technologies into
healthcare. Germany, Spain, and Italy have
further reinforced this global effort, supporting
233, 192, and 185 projects, respectively. These
investments aim to improve the precision and
quality of breast imaging, underscoring the
importance of early and accurate diagnosis in
breast cancer care.

Leading funding institutions in breast imaging
research, such as the NIH, the NSFC, and the
National Cancer Institute (NCI), have made
significant contributions to advancing the field.
The NIH stands out with 1,083 supported
projects, 35,354 citations, and an h-index of 92,
reflecting its dominant role and the high impact
of its funded research. The NSFC, with 468
projects and an h-index of 40, plays a key role
in China, while the NCI, though supporting
fewer projects, 197, achieves a comparable
impact with 5,630 citations and an h-index of
41. Other organizations, such as the NSF and
the Department of Defense’s Breast Cancer
Research Program, also contribute
meaningfully, albeit on a smaller scale.

Figure 1 shows the trend of funding support for
breast imaging research from 2000 to 2022 for
different organizations. The figure reveals
significant contributions by major organizations
worldwide. In the United States, NIH
demonstrated consistent support, with a
significant increase starting in 2004 and
peaking at 75 projects in 2014, reflecting its
strong commitment to advancing breast
imaging research. NCI showed more
variability, with funding peaking at 25 projects
in 2018 before declining, likely due to shifting
priorities or budget constraints. NSF, while
supporting fewer projects, maintained steady
involvement, reflecting its broader scientific
mission. These trends highlight the sustained
efforts of the United States institutions in
driving innovation and progress in breast
imaging.
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Figure 1: Funding trends of the top eight institutions from 2000 to 2022

Globally, NSFC exhibited remarkable growth,
increasing from no projects in the early 2000s
to 88 by 2022, underscoring China's strategic
focus on scientific advancement in breast
imaging. Canada’s Natural Sciences and
Engineering Research Council and Korea’s
National Research Foundation also showed
steady growth, with peaks in 2021 and 2022,
respectively, reflecting their evolving priorities
and commitment to medical technology. Cancer
Research UK maintained relative stability until
2017, followed by a decline, while China’s
central universities saw a significant surge in
funding after 2019, likely due to policy changes.
These global efforts demonstrate the diverse
and dynamic landscape of breast imaging
research, driven by both national and
institutional priorities.

Conclusions

The study analyzed 12,637 records from the
Web of Science in the field of breast imaging,
examining popular keywords and research
funding trends. The evolution of keywords and
country contributions over time was also
explored. The bibliometric analysis reveals a
growing interest in breast imaging, highlighting

key findings:

"Breast cancer" is the central focus in breast
imaging research, often linked with
"mammography," "deep learning," and

"convolutional neural networks," reflecting the
growing role of Al and machine learning in this
field. It is the most common keyword root
(2,992 articles; 27.7% of total articles; 48,603
citations), followed by "mammography" (1,081
articles; 10% of total articles; 17,253 citations)
and "breast imaging" (4.6% of articles).

Since 2014, "deep Ilearning" has seen a
significant rise in popularity, indicating
increasing interest in Al and deep learning for
breast imaging analysis.

NIH is the leading supporter of breast imaging
research, funding 1,083 projects (10% of the
dataset) with the highest citations (35,354) and
an h-index of 92, demonstrating its global
influence.

NSFC and NCI also play key roles, supporting
468 and 197 projects, respectively. The NSFC
has 7,070 citations and an h-index of 40, while
the NCI has 5,630 citations and an h-index of
41, both significantly impacting breast cancer
imaging research.

Funding trends show sustained support from the
NIH, peaking in 2014, while the NCI and NSFC
exhibit variable patterns. Internationally, the
NSFC significantly increased its funding by
2022, alongside other entities, such as the
National Research Foundation of Korea,
reflecting intensified global efforts in breast
imaging research.
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Table 1: Top eight countries with keywords in the field of breast imaging

USA China
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South Korea  India UK
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Figure 2: Word cloud map of keyword stems for the top 100 keywords. Each keyword begins with a capital letter.



Table 2: Top twenty keywords in breast imaging
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Root of Keywords Total Total Publications Total H-
Publications (%) Citations Index
Breast Cancer 2,992 27.7 48,603 91
Mammography 1,081 10.0 17,252 58
Breast 716 6.6 11,749 51
Breast Imaging 493 4.6 7,165 41
Deep Learning 481 4.5 6,978 39
Ultrasound 412 3.8 7,385 43
Breast Neoplasm 389 3.6 6,648 40
Magnetic Resonance Imaging 341 32 4,562 35
Computer-Aided Diagnosis 331 3.1 7,153 42
Convolutional Neural Network 312 2.9 4,664 35
Image Analysis 312 2.9 7,281 45
Digital Breast Tomosynthesis 307 2.8 3,578 32
Body Imaging 265 2.5 6,022 43
Image Segmentation 263 2.4 3,664 33
Image Processing 262 2.4 4,645 32
Ultrasonography 229 2.1 3,025 31
Segmentation 224 2.1 2,566 27
Classification 214 2.0 2,780 27
BI-RADS: Breast Imaging-Reporting and Data System 211 2.0 3,311 32
Digital Mammography 199 1.8 3,645 32
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Figure 3: Trends of the top 20 keywords over time
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Figure 4: Radar maps of keywords for the top eight countries in scientific production
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Table 3: Top eight countries by number of supports in breast imaging

Supports USA China

UK Canada

South Korea  Germany Spain  Italy

1,825 1248 382 299

233 192 185
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Table 4: Top twenty supporting sources in breast imaging

Supporting Sources Total Total Publications  Total H-
Publications (%) Citations Index
National Institutes of Health (NIH) 1,083 10.0 35,354 92
National Natural Science Foundation of China (NSFC) 468 43 7,070 40
National Cancer Institute (NCI) 197 1.8 5,630 41
National Science Foundation (NSF) 95 0.9 1,551 24
Natural Sciences and Engineering Research Council of 74 0.7 882 18
Canada (NSERC)
National Research Foundation of Korea (NRF) 54 0.5 742 13
Cancer Research UK (CRUK) 45 0.4 1,275 18
Fundamental Research Funds for the Central Universities 44 0.4 706 14
(FRF)
GE Healthcare 40 0.4 1,263 15
Grant-in-Aid for Scientific Research (KAKEN) 37 0.3 293 8
National Council for Scientific and Technological 32 0.3 185 10
Development (CNPq)
American Cancer Society (ACS) 32 0.3 941 15
National Key Research and Development Program of China 31 0.3 426 11
Department of Defense (DoD) 31 0.3 497 13
Canadian Institutes of Health Research (CIHR) 28 0.3 296
National Key R&D Program of China 27 0.2 116
European Union (EU) 26 0.2 463 11
Breast Cancer Research Foundation (BCRF) 26 0.2 271
Department of Defense Breast Cancer Research Program 26 0.2 276
(DoD BCRP)
National Institute of Biomedical Imaging and Bioengineering 26 0.2 618 15

(NIBIB)

2 Department of Defense Breast Cancer Research
Program (DoD BCRP)

! National Science Foundation (NSF)
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Figure 5: Support trends of the top eight institutions from 2000 to 2022
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Table 5: Articles with more than 500 citations

2] iy S5 slows (ake almo | 5lupols sipms NI

Colox 4 g9, VWA Jlo 5Pk, Slaios Gl e
5 cals Ol B 5 0,5 iy (60905 slooss
Jlo b etz hals o) 095 gl 0 VWAP Jlo 5o
e arass b 35 5e3 0 &l saiaslis 1744
colRuily gly Sldsy coles slaggis ool
25l e g aidls (oo C VYA Lo b (655
S| REEECUNC RN I IEIPINCE ML PE ST
Sliizd lacabld S5l il Co 85 saimoplad il

Slow!l Ber 3l ow b Yo 10 Joua

&

ol HLass Jle elsbol g5

@n 7 by STl plas 55 5,15 w8037 sla St s 5l oolital b oo pud o 1999 \RAI

(22) 75 dbTe G el Gl o (sla S5Lis lgreds metill slogSl g liay (S15° YeoF VS
(23) Vs 5o el (S sadl b o5 ol Glag les Ve oF M.
(24 7 aSg e oS ) slallie 1Sy S B3, 5 (Sl YNV ays
(25) cac GloaSis 5l oolitul b iy by owlidcdl pglas 1o Jobo quads dl> o jaieis®  YoOY AdY

2

(26) 5 31,5 gals 31 Fsigu «ombline (uilissy o ppai 1o (Suis slogiez s sl » o)l Yoo f AY -

"ol il 4isles

(7)o oais ool (musets (5l pus duglio 31,5 gule Lanietd o0isS iy Olyieds Gl oS5 Yoo vy

TS Gk s Jelsd

(28) 7 i 6y 53 Jlumus yiiwges 5l eslital 134V £Y
29) Vs a0 L ysesi alicaaBye il Gl (st 6l JE5RS 599,50le )l ppa Ve o8y
B0) e sz aalllas :ling (B S gigm ) o g3n BT 5l SR SSE slocuogas s VoY OAY

Yongs AV (g9,

€2 ” ey Ss299,50ke Sl 61 gt slp (dl Al diges S Yool ora
(32) oslitul slatrogs § iy )l 0905 raxl 5l oo ()l 20908 b ol ooy 8L YN ovs
Sl a5 Gl ooy RS gl b yslid ol 5 by (BlTsige Ol Shill ( BT50b S

O IRV

33) 7 il o e (sl ol oo ot (il b (50855 (slaodss sl ol Tgims (2O ™ V08 ove
(34) 7 by ol e (539093l gt gl (gamainbs (glp (lodls degazme SO YeNE oA

(B3 b b a5 «uiliss, 5l g Soppw cis o Jigos ) ooliul b liey T)Tel (g)loppaas®  VAQY o

T S5elel (Sen

(36) Pk ol e By (U 0 oz DS g o g Y0P b-#
@7 7ok Ol 3l pola o bt (asii gl (ST eS ledgs jasSlgtt  YeNE 0\

oolitul (5elgilgtunn pglal 5 (pwnbliae (il
L ST (mal Lgl.bd.if.,.i} (YO) dlas 5O g o0
etd S oS g Gl Gl Gees e Sl
Ol ol $5lgbginnd polai ;o ooz (Joho
ot gmas 45D 3 by, ol loadiaid 5 IS 4y ]

wbo g cd aile polas Sloy g oS slaghs,

oSl JWoss IS5, 5 Gees oras laSl
Cono g CBS gt (6l LSSl slaisls 5y asill

Sloppeal o Gl gl ol 5 Lasis

! Cancer Research UK (CRUK)

VAQ)): F-¥




o 335 3 ol Sl 35 s s

VAQF-Y -

oz 3l eslaiul gl pleasg ¢ b Jeslljsiws
b)) 6510 9a ( IS galo aiile (619 pp g s
e i o
LgL:oLg”L;é )| oolaiul GJLM"‘-'-‘-QJ 9 Lg)'L.ao)L)JLL»‘
ol Sl @l g Sl s g

Yo 1659 g3b gyl Julow g Laools dacgorme £
lef By L’LJ?U 6Ld:¢)${5) 9 aosls Ac gosno (\‘V‘\"\‘)
9 Ol Ol Sidglgius polai gonail
drwg 4 Oladod pl aes o &l batwe Hlulis
5 oS lp 389 5 bl BB (Slewle slajts,
Ry Ya-1q k’L‘ol.w (SRFE ools LR cS.)
Sse Jolt oy AY 51 ol ol (S5lligis
w03ld acgeme (pl Bud Wl )55 ey g e e
Sl dlwd 90 @ polal gomaddl  (gile,Soes
B AT (583 5985 poad gondinl laptu
Sl Sguge Glp Josls casmolis a5 wiyle AQY
g Sy slrojer o L Kirgh wilgal (Bai e
25 S8 CedsS 5 Sy sbads (1F) allie aus
Ol Ob) oz Pl 9 (G pgai p Gl ol
@ M hlem jo (S cetS 5 Sy, b SIS
S oo 05T iy (o

S ppeal dwy yo ol OYle ol ( S jsbay
Syt sl ) Bl slad Ko, 5 Slegoge Ly
ol @ e lles loys LsthL».w (APl
& 325 4xa

300,85, WYEYY ol uinlos ol g )0 99250 Dlalllas
B adlae g Julod 0y90 Gl lon poal die;
5 ojly oS jois 285 B (pwyn 9jse SAeo
dsb 5 Ol )b pnsal ;o boysis Glacale

olatwl pslad cnl (19)d Sy 2 somaib ol
oS S5 5l Sl e glaosls (58,5 s o b S e
ool &Lﬁm“ 5oA e @L.) . L...iu » ;).o.uo
HZFRE jebar (o) nl Wed oo Jlosl (B31S n
ssba 1y L3, K00 5 0l eai ) jate paseis Sl o
Ol Ol Jlas 5o seriil)ly Glagsl 5 (liwy o515

)35 136 sl
solisl 4y (VYLY . VY) SVLie : 3,5 5l 5 gl 3 Y
s sl STl g Dgalp Sl
oo s Gl 53 1, e Sag, ol sl 33
Lg c).)scb ‘@9|5 ULA) L ‘su.m) @‘;Wy‘ Mf‘
33 OgeY ) il aBlidnng (oS 5 gy 5l eslitul
A oy ey P g eSS Ol (o ples
(o osm O) Gl Slulo b o3 W)Y asdlas ol o
5 Feere SSPelgl owyp CoS (o OF
SR8 abarwg oS 5 s, b (Hls Loy (S5 Y]
oo pd bas g lad bl s atcwaio¥! polas azs §
L gaid o Sles o oo0jlinl g oo ol
Al byl 0xi S Slles aasin Judou l eolatul
b aslin ;5 (aoyd AFID) (5 3Vl sl 31 S
5 B3 Lol e ols Hlas (duoyo VVIY) (Jsoxe Sigal )
o FVYAYA) oYlke :L;)bﬁﬁya}‘ L;LﬁLg)jL'.é X
oAt Slp Slopngal iy LSS (o)
Jlaoms juwgess alex I awilazly p by s
299550 650 pp9ai s (P s 2199,0ke (6510 gl
anogi Sl 30 slosyslid ol il ol il ol Jlad
Ol Gl Hgeg parid 5 Sble o sl

.'.\.l.(b.)b.o

2ICPR 2012



2! iy $s slows ok Ao | 5l ougms NI

L o (o pole (o sl a8 (0 ol 1) 0392
uLb)wquwgmj AL Cl LF}LAB»)LM‘ YoV
soba 90 BV gl asls 5 olod OFY- L

wolS e 288 13 axg oj90 leg
4@ a.,\,:_,"b_é aMe 9 &b, o..\.l.aséoLi..i ul.w.o) 6)"5)9)'.’.9"43
145 ans ceplid pole Judo .l ga.5g0 o

Oy Oy opnga Slidod » sy B gz o ol aalS plyeay "ol ol e

5,8 e Sl

w}o M %Lo.> OMOQL&J 6~JL¢.> LgLQJ.}j).

OJ.?M);)P Ce‘mv‘\f Jb)ogw‘wlw‘;ﬁ
ﬁ#&ouju&ﬁé@wyﬂgb)mwl
el w0 )l opite Hles clasS)
553 oo ToTY L6 e ks psle e Lt
cloolgs L ol s el o0ls iglil gz 1B jsbas |
odiolis aS w0, o Cliass ol wibe (6,50

S5l " BT gele" b bas e by (5,10 5 g
saponlis M pdony ras Gloasn" g "G
eile (5 S0l Glahy) g (Eoan sosp slac L

] 0)9> Oi‘ 3o

Y AY) olds aals as, Q.;.)S@l) "Qt.a.w.; L')Uo).w".

@ dolcwl FAL Y «o¥lae IS 5l as,o YV, callis
JS 5lase Ve eallie Ver AV) " L381S5els" T JLss
\c,;) "UL’W" G)bf)iﬁ‘a"" 9 (OL..\....J‘ YYYOY ceYlio

el (Yl 5l due o

0 AP BB ol " fee 6 SL" YV E L sle
4 0anl38 adde sapo il 4 ol alily Caggae

SHloppgal Glidxs o Sl Gl B was

Jlod Gl Geee oS0l 5 (fatae i
el iy (610 2y e

Slidos ol o fgptey "o e a0

ooy Vo) ejgn VAT 5 Conl Ly (5510 5 5 9

Loold 4y ow ywd

(V+) 5Lpld aslas o ,—iiie sloosls 5l _sl> agh
R RV S GOV B S PPN S |
b i—wo J5 B https://doi.org/10.17632/msk8npw99x. 1

FOXOY) slowl slawy o ion b ) (Laosls acgaze
OMOULAM aS ;).5‘50 GLMMA&J (Q(Y) C‘ ua.>Lw 9
Ol )10y p9ea8 Slihos o az g BB Sl 556

ol s o e’ 9" ez (b pole (o oLy @

&Lw (o)l
S, ox8lie o)l a5 5,5 o el o g8

References

1. Khasseh AA, Zakiani S, Soheili F. Analysis trend of the Islamic Republic of Iran in the

of Iranian Breast Cancer Research: A
Scientometric Study. Payavard Salamat.
2018;12(3):161-74. [Persian]

. Ghaffari S, Gharebaghloo V, Bagheri E.
Drawing the scientific communication
network of Iranian researchers with other
countries in the field of cancer.
Scientometrics Research Journal. 2022;8(2,
Autumn & Winter)):221-42. [Persian]

. Biglu MH, Shahkhodabandeh S, Asadi M.
Publications on Breast Neoplasms in
Medline: AComparison between Iran and
Other Middle East Countries. J Health Adm.
2012;9(1):119. [Persian]

4. Mousavi Chelak A, Riahi A, Haddad Araghi

S. Evaluation of the science production

field of breast cancer at the global level
(2000-2020). Hakim Research Journal.
2021;24(3):241-52. [Persian]

. Akbari Neisiani S, Ehtesham H, Taghizad

H, Daneshvar H. Position of scientific
articles produced by the Cancer Institute of
Tehran University of Medical Sciences in
terms of weight: a scientometric study.
Scientometrics Research Journal. 2021;7(1,
spring & summer)):217-34. [Persian]

. Diaz O, Rodriguez-Ruiz A, Sechopoulos 1.

Artificial Intelligence for breast cancer
detection: Technology, challenges, and
prospects. European journal of radiology.
2024:111457.

VAQ)): F-¥



VAQF-Y -

o G0y gual 0392 5 (ode Wludgi ard Hlea wple

7. Wilkinson LS, Dunbar JK, Lip G. Clinical
Integration of Artificial Intelligence for
Breast Imaging. Radiologic  Clinics.
2024;62(4):703-16.

8. Lauritzen AD, Lillholm M, Lynge E,
Nielsen M, Karssemeijer N, Vejborg L
Early indicators of the impact of using Al in
mammography screening for breast cancer.
Radiology. 2024;311(3):e232479.

9. Kinkar KK, Fields BK, Yamashita MW,
Varghese BA. Empowering breast cancer
diagnosis and radiology practice: advances
in artificial intelligence for contrast-
enhanced mammography. Frontiers in
Radiology. 2024;3:1326831.

10.Yoen H, Jang MJ, Yi A, Moon WK, Chang
JM. Artificial Intelligence for Breast Cancer
Detection on Mammography: Factors
Related to Cancer Detection. Academic
Radiology. 2024:2239-47.

11.Sheth D, Giger ML. Artificial intelligence in
the interpretation of breast cancer on MRI.
Journal of Magnetic Resonance Imaging.
2020;51(5):1310-24.

12.Jiang Y, Edwards AV, Newstead GM.
Artificial intelligence applied to breast MRI
for improved diagnosis. Radiology.
2021;298(1):38-46.

13.Codari M, Schiaffino S, Sardanelli F,
Trimboli RM. Artificial intelligence for
breast MRI in 2008-2018: a systematic
mapping review. American Journal of
Roentgenology. 2019;212(2):280-92.

14.Sechopoulos I, Teuwen J, Mann R, editors.
Artificial intelligence for breast cancer
detection in mammography and digital
breast tomosynthesis: State of the art.
Seminars in Cancer Biology; 2021: Elsevier.

15.Geras KJ, Mann RM, Moy L. Artificial
intelligence for mammography and digital
breast tomosynthesis: current concepts and
future perspectives. Radiology.
2019;293(2):246-59.

16.Rodriguez-Ruiz A, Krupinski E, Mordang J-
J, Schilling K, Heywang-Kobrunner SH,
Sechopoulos I, Mann RM. Detection of
breast cancer with mammography: effect of
an artificial intelligence support system.
Radiology. 2019;290(2):305-14.

17.Wu G-G, Zhou L-Q, Xu J-W, Wang J-Y,
Wei Q, Deng Y-B, et al. Artificial
intelligence in breast ultrasound. World
Journal of Radiology. 2019;11(2):19.

18.Park HJ, Kim SM, La Yun B, Jang M, Kim
B, Jang JY, et al. A computer-aided

diagnosis system using artificial intelligence
for the diagnosis and characterization of
breast masses on ultrasound: added value for
the inexperienced breast radiologist.
Medicine. 2019;98(3).

19.Hosny A, Parmar C, Quackenbush J,
Schwartz LH, Aerts HJ. Artificial
intelligence in radiology. Nature Reviews
Cancer. 2018;18(8):500-10.

20.Ghalambaz S. A Scientometric Analysis of
Four Decades of Scientific Production in
Breast Imaging: Global Collaboration and
Subject Areas. Iranian Journal of Breast
Diseases. 2025;17(4):4-31. [Persian]

21.Rueckert D, Sonoda LI, Hayes C, Hill DL,
Leach MO, Hawkes DJ. Nonrigid
registration using free-form deformations:
application to breast MR images. IEEE
transactions on  medical  imaging.
1999;18(8):712-21.

22.McCormack VA, dos Santos Silva I. Breast
density and parenchymal patterns as
markers of breast cancer risk: a meta-
analysis. Cancer Epidemiology Biomarkers
& Prevention. 2006;15(6):1159-69.

23.Itoh A, Ueno E, Tohno E, Kamma H,
Takahashi H, Shiina T, et al. Breast disease:
clinical application of US elastography for
diagnosis. Radiology. 2006;239(2):341-50.

24.Tessler FN, Middleton WD, Grant EG,
Hoang JK, Berland LL, Teefey SA, et al.
ACR thyroid imaging, reporting and data
system (TI-RADS): white paper of the ACR
TI-RADS committee. Journal of the
American college of radiology.
2017;14(5):587-95.

25.Ciresan DC, Giusti A, Gambardella LM,
Schmidhuber J, editors. Mitosis detection in
breast cancer histology images with deep
neural networks. Medical Image Computing
and  Computer-Assisted Intervention—
MICCAI  2013:  16th  International
Conference, Nagoya, Japan, September 22-
26, 2013, Proceedings, Part I 16; 2013:
Springer.

26.Warner E, Plewes DB, Hill KA, Causer PA,
Zubovits JT, Jong RA, et al. Surveillance of
BRCA1 and BRCA2 mutation carriers with
magnetic resonance imaging, ultrasound,
mammography, and clinical breast
examination. Jama. 2004;292(11):1317-25.

27.Mandelson MT, Oestreicher N, Porter PL,
White D, Finder CA, Taplin SH, White E.
Breast density as a predictor of
mammographic detection: comparison of



interval-and  screen-detected  cancers.
Journal of the National Cancer Institute.
2000;92(13):1081-7.

28.Niklason LT, Christian BT, Niklason LE,
Kopans DB, Castleberry DE, Opsahl-Ong
B, et al. Digital tomosynthesis in breast
imaging. Radiology. 1997;205(2):399-406.

29.Fear EC, Li X, Hagness SC, Stuchly MA.
Confocal microwave imaging for breast
cancer detection: Localization of tumors in
three dimensions. IEEE Transactions on
biomedical engineering. 2002;49(8):812-
22.

30.Berg WA, Cosgrove DO, Doré CJ, Schéfer
FK, Svensson WE, Hooley RJ, et al. Shear-
wave elastography improves the specificity
of breast US: the BE1 multinational study of
939 masses. Radiology. 2012;262(2):435-
49,

31.Meaney PM, Fanning MW, Li D, Poplack
SP, Paulsen KD. A clinical prototype for
active microwave imaging of the breast.
IEEE Transactions on Microwave Theory
and Techniques. 2000;48(11):1841-53.

32.Lee CH, Dershaw DD, Kopans D, Evans P,
Monsees B, Monticciolo D, et al. Breast
cancer screening with imaging:
recommendations from the Society of
Breast Imaging and the ACR on the use of
mammography, breast MRI, breast
ultrasound, and other technologies for the
detection of clinically occult breast cancer.
Journal of the American college of
radiology. 2010;7(1):18-27.

2! iy $B s slows soke Ao | 5l ogms ALY

33.Horvath E, Majlis S, Rossi R, Franco C,
Niedmann JP, Castro A, Dominguez M. An
ultrasonogram reporting system for thyroid
nodules stratifying cancer risk for clinical
management. The Journal of Clinical
Endocrinology & Metabolism.
2009;94(5):1748-51.

34.Spanhol FA, Oliveira LS, Petitjean C,
Heutte L. A dataset for breast cancer
histopathological image classification. leee
transactions on biomedical engineering.
2015;63(7):1455-62.

35.Harms SE, Flamig DP, Hesley KL, Meiches
MD, Jensen RA, Evans W, et al. MR
imaging of the breast with rotating delivery
of excitation off resonance: clinical
experience with pathologic correlation.
Radiology. 1993;187(2):493-501.

36.Fobair P, Stewart SL, Chang S, D'Onofrio
C, Banks PJ, Bloom JR. Body image and
sexual problems in young women with
breast cancer. Psycho-Oncology: Journal of
the Psychological, Social and Behavioral
Dimensions of Cancer. 2006;15(7):579-94.

37.Xu J, Xiang L, Liu Q, Gilmore H, Wu J,
Tang J, Madabhushi A. Stacked sparse
autoencoder (SSAE) for nuclei detection on
breast cancer histopathology images. IEEE
transactions on  medical  imaging.
2015;35(1):119-30.

VAQ)): F-¥




